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« HMOS run retrospectively for 11+ year
period; Feb 97 to Oct 08

e 3 Points studied.

e BLUOZ2 — Headwater, smallest overall
basin

e QUAOZ — Mid-side basin, not a headwater

« DEKT2 — Larger total basin, somewhat
regulated.

* EVS used to study resulting .CS files



Carrelation caefficient

Correlation of the observations and ensemble mean forecast by forecast lead time.
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Carrelation caefficient

Correlation of the observations and ensemble mean forecast by forecast lead time.
QUAOZ.QUADZ. streamflow.hmos
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Carrelation caefficient

Correlation of the observations and ensemble mean forecast by forecast lead time.
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Mean error (forecast - obsenved)

Mean error of the ensemhble mean forecast by forecast lead time.
ELUOZELUOZ. streamflow.hmos
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Fraction of observation falling in window of forecast distribution

Cumulative Talagrand plot.
BLUOZ2.BELUO2. streamflow.hmos at lead hour 6
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Fraction of observation falling in window of forecast distribution

Cumulative Talagrand plot.

BLUOZ2.BELUO2. streamflow.hmos at lead hour 120

1.CE

B.55 -

L.GL -

C.BE -

O.BL -

L.75 7

L.70 -

Over-forecast

Perfectly reliable

Under-forecast

k.20 k.25 C.3C k.35

[HE T k.45 E.5LC k.55

k.60

k.65

L.7LC b.75

Size of window in probability units (starting at lowest forecast)

— Ferfect = All data

C.BE kRS -1 k.55

1.0




Relative Operating Characteristic for different event ¢probability) thresholds.
ELUOZ.ELUO2, streamflow.hmos at lead hour 6
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Relative Operating Characteristic for different event ¢probability) thresholds.
ELUOZELUO2, streamflow.hmos at lead hour 120
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Mean CEPS

Mean Continuous Hanked Probahility Score (CRPS) by forecast lead time.
ELUOZELUOZ. streamflow.hmos
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Conclusions/Results

Preliminary results appear to show that HMOS
provides discriminate fairly well, as evident on
ROC Charts.

* Preliminary results appear to show that HMOS
provides fairly reliable forecasts by viewing the
Cumulative Talagrand Charts

 Both reliability and discrimination tends to suffer
the further out in time the forecast is for.

 EVS gives metrics for both ensembles
(probabillistic) and mean fcsts (deterministic)
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Conclusions/Results

e Results appear better at larger basins, where
local effects tend to be dampened by routed
water, etc.

A bit disturbed about the mean error value (that
shows bias), as they appear quite high.

« Something odd occurring in day 5 results, not
guite sure what is causing these odd results.

e Ensemble metrics for HMOS are much better
than original short term ensemble method used by
ABRFC, MARFC and CNRFC.
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Additional Slides
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Ohserved probahkility given forecast profbabilivg

1.CE

Reliahility diagram for various event thresholds uppen and sample counts Jower.
ELUOZ.ELUO2, streamflow.hmos at lead hour 6
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Ohserved probahkility given forecast profbabilivg

Reliahility diagram for various event thresholds uppen and sample counts Jower.
ELUOZELUO2, streamflow.hmos at lead hour 120
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